This article investigates the effects of a large-scale public sector employment quota policy for disadvantaged minorities (Scheduled Castes and Scheduled Tribes) in India on their occupational choices, as defined by skill level, during the 1980s and 1990s. We find that, first, the employment quota policy significantly affects the occupational structure of both disadvantaged minority populations. In response to the employment quotas, individuals belonging to the Scheduled Caste group are more likely to choose high-skill occupations and less likely to choose low-and middle-skill occupations, while individuals belonging to the Scheduled Tribe group are less likely to choose high-skill occupations and more likely to choose low-and middle-skill occupations. Second, the impact of the employment quotas is significantly related with an individual's years of schooling. Overall, the results indicate that the employment quota policy changes the occupational choices of individuals within the targeted populations and contributes to their improved socio-economic standing.
Introduction
Policymakers around the globe often attempt to improve the economic status of disadvantaged populations by making use of direct employment incentives commonly referred to as affirmative action policies. This research takes a first step in assessing the extent to which India's federal policy requiring states to designate a percentage of all public sector job vacancies for historically disadvantaged minorities has changed the occupational structure of the targeted populations during the 1980s and 1990s. Economists have long been concerned with the study of occupational choice due to its strong potential to affect the socio-economic status of an individual. 1 While quantifying the effects of occupational choice on economic prosperity is important, there is also considerable interest in understanding the factors influencing an individual's choice. For instance, Driver (1962) and more recently Tsukahara (2007) identify the effects of family background characteristics on the subsequent occupational choices of children, Soopramanien and Johnes (2001) estimate the effects of gender on labor market participation decisions and occupational choices among individuals in the United States, Iannelli (2002) study differences in the extent to which social origin affects young people's educational and occupational outcomes in European Union countries, and Constant and Zimmermann (2003) analyze the contrast in the occupational choices of native and non-native Germans. Further, Amin (2004) estimates the impact of government affirmative action policies in Malaysia on the employment patterns of married women for three ethnic groups (the Malays, Chinese, and Indians) and finds that the policies have significantly different effects across the three groups.
In this article we provide the first estimates of the role that India's public sector employment quotas have in shaping the occupational choices, as defined by skill level, of individuals belonging to the two largest disadvantaged minority populations, the Scheduled Castes and 1 See Becker (1962) and Driver (1962) for early studies.
1 the Scheduled Tribes. 2 The policy of setting employment quotas is, in general, used by the government and other institutions to help historically disadvantaged sections of society. A primary objective of this type of policy is to compensate individuals belonging to the disadvantaged group for past discrimination and subsequently increase their economic prosperity.
Some economists have even suggested that "the occupational attainment of an individual will be a major determinant of their level of consumption, self-esteem, and their general status in society" (Harper and Haq, 1997) . Given the importance of an individual's occupational choice in shaping their future socio-economic standing, it is of great interest to analyze the effects of a large-scale public sector employment quota policy on the occupational choices of the individuals around which the policy is designed.
Identifying the effects of affirmative action policies can be difficult because how the policies are determined and enacted is likely to be endogenous to the local environment. For instance, one can easily imagine a scenario where the institutions or locations that have affirmative action policies in place for minorities are likely to favor them in other ways too, which potentially confounds the interpretation of estimated coefficients for a regression of occupational outcomes on policy characteristics. 3 In the case of India, the manner in which the public sector employment quotas are implemented facilitates the identification of its effects. According to the Constitution of India, the percentage of employment quota in each state for the Scheduled Castes and the Scheduled Tribes -the two principal historically disadvantaged populations in India -must be equal to their respective shares of a state's total population in the most recently tabulated census of the population (Prakash (2010) ). This policy rule generates exogenous variation in public sector employment quota at the state level, and permits the identification of their effects on occupational choices. We are able to account for intercensal fluctuations in minority population shares across states in order to avoid confounding the effects of the policy with other state-level changes that are likely to be correlated with employment opportunities. It is erroneous to expect a minority population's share to only affect occupational choices through the public sector employment quotas. Instead, our empirical strategy takes advantage of the fact that the quota levels set for the two minority groups can only change with a time lag with respect to their corresponding census and current population shares. The lag generated by the policy rule allows us to separately identify the effects of the quotas from the effects of contemporaneous changes in the respective population levels of the Scheduled Castes and the Scheduled Tribes.
We analyze the occupational structure of minorities in India using multinomial logit models that include measures of gender, educational attainment, and age as individual-level explanatory variables (Schmidt and Strauss, 1975) , as well as a number of relevant characteristics of the state environments in which minorities reside and are employed. To estimate the models, we use detailed individual-level data from multiple rounds of the National Sample Survey (NSS) of India for the years 1983, 1988, 1994, and 1999, respectively. 4 Our models do not require us to make an assumption about an appropriate reference point (such as average educational attainment). Instead, one of the the key advantages is that we can use individual level observations for the econometric analysis as opposed to aggregate percentages.
Additionally, multinomial logit models are practical to apply in this context because they are consistent with notions of random utility maximization, easy to specify and straightforward to estimate using standard maximum likelihood procedures. 5
Our main findings indicate that the occupational choices of individuals within the targeted populations are responsive to the public sector employment quota policy. Estimation of the effects of employment quotas on the occupational structure for minorities in India should be of interest for a number of reasons. First, we are not aware of any previous study which rigorously quantifies the role of the quotas in shaping an individual's choice of occupation, as defined by skill level. Yet, this is the largest affirmative action policy in the world, and has existed for over a half century. Second, this article contributes to the literature concerned with understanding factors that have an affect on individual occupational choice in developing countries. Finally, in the context of economic development, we show that the optimal design and implementation of employment quota policies are likely to be complex as the economic incentives created by such policies are related with individual's years of schooling.
The remainder of this article proceeds as follows. Section 2 provides background information on disadvantaged minorities and the employment quota policy in India. Section 3 presents the theoretical framework and estimation strategy, while Section 4 describes the data used in our analysis. We report the main results of our study in Section 5, and conclude with a discussion of our findings in Section 6.
Background

Caste System and Disadvantaged Minorities in India
There are various theories behind the origin of the caste system in India, ranging from a theory of traditions to a theory of occupation. The caste system is a system of social stratification in which classes are defined by endogamous hereditary groups, often termed jatis or castes. 6 The caste system is believed to be as old as 3000 years, and consists of the following broad divisions (or varnas): Brahmins (Priests), Kshatriyas (Warriors), Vaisyas (Merchant), Sudras (Servants), and Scheduled Castes (outcasts, lowest menial jobs, also referred as dalits or untouchables). Another important and historically disadvantaged group, which is outside the Hindu religion and the caste system, is the Scheduled Tribes (also referred as Adivasis). Post Independence, other backward castes (OBC) is also added as a new category. The OBC category consists of castes that are just above the Scheduled Castes and largely belong to the upper sections of the Shudra category, with a few lower ranking Kshatriyas jatis being included. Each of the five caste groups are distinguished based upon their own customs and rules which define an individual's status, behavior, rituals, occupation, food, and marriage among other characteristics. 7
The Indian constitution explicitly recognizes Scheduled Castes (SCs) 8 and Scheduled
Tribes (STs) 9 as the two principal historically disadvantaged minority groups in India, previously known as the depressed classes. 10 They together account for 24.4 percent of the total population according to the 2001 census. The SCs, who make up 16.2 percent of the total population, are comprised of groups isolated and disadvantaged by their "untouchability" status. 11 The word "untouchability" refers to their low status in the traditional Hindu caste Untouchables (scheduled castes).
7 Brahmins, Kshatriya, and Vaishya are considered higher in status than Shudras because adolescent males from these varnas undergo a thread ceremony making them 'twice born', a privilege not available to Shudras. Brahmins are conceptualized as being at the top of the stratification system, superseding the the Kshatriyas in spite of the latter's worldly power and wealth as the ruling caste.
8 Selection criteria for Scheduled Castes: 1. Cannot be served by clean Brahmans; 2. Cannot be served by barbers, water-carriers, tailors, etc who serve the caste Hindu; 3. Pollutes a high-caste Hindu by contact or by proximity; 4. Is one from whose hands a caste Hindu cannot take water; 5. Is debarred from using public amenities, such as roads, ferries, wells or schools; 6. Is debarred from the use of Temples (place of worship); 7. Will not be treated as an equal by high-caste men of the same educational qualification in ordinary social intercourse; 8. Is merely depressed on account of its own ignorance, illiteracy or poverty and, but for that, would be subject to no social disability; 9. Is depressed on account of the occupation followed and whether, but for that, occupation it would be subject to no social disability. 9 Selection criteria for Scheduled Tribes: 1. Tribal origin; 2. Primitive way of life and habitation in remote and less accessible areas; 3. General backwardness in all respects. 10 The criteria for the selection of "Scheduled Castes" and "Scheduled Tribes" groups as stated in Constitutional orders of 1950.
11 The Indian Constitution prohibits the use of the word untouchability.
5 hierarchy, which exposed them to invidious treatment, severe disabilities, and deprivation of economic, social, cultural, and political opportunities (Galanter, 1984) . The STs, who make up 8.2 percent of the total population, are distinguished by "tribal characteristics" and by their spatial and cultural isolation from rest of the population. In addition to the aforemen- STs. Among these policies is the public sector employment quota policy.
The Public Sector Employment Quota Policy in India
The early traces of this employment quota policy for disadvantaged minorities in public sector jobs go back to the early 1930s, under the British rule. Under the same spirit and concern, this policy found a place when the Constitution of India was being drafted after its independence in 1947 and its transition to a sovereign republic in 1950. Specifically, Articles 
Theoretical Framework and Estimation Strategy
A simple model of individual occupational choice helps to clarify the role that affirmative action polices can have in shaping the occupational structure of disadvantaged populations and outlines a framework for our empirical analysis. Suppose a representative individual i living in state s is considering a choice between different occupations that require varying skill levels j. The individual is assumed to have a random utility function of the form
representing the average utility from employment in an occupation with skill level j and a nondeterministic component (e ijs , i ∈ I, j ∈ J, s ∈ S) representing random deviations from the population mean (McFadden, 1973; Manski, 1977; Hausman and Wise, 1978) . Gill (1989) applies the random utility model in the context of individual occupational choice, and we follow his general notation to the extent possible. The deterministic component of an individual's random utility function is represented as
where w ij measures the unobservable average market wage of individual i in state s for an occupation with skill level j, X i is a vector of human capital and individual characteristics correlated with preferences, and Q s is a vector of the public sector employment quota levels that are determined according to India's federal policy rule described in section 2.2. A common, convenient parametrization of the random utility function is
with unobservable average market wages expressed as
where X i is defined as above and Z s is a vector of additional demographic and economic characteristics correlated with prevailing public and private employment opportunities within state s. Substituting equation (3) into equation (2), we write the reduced-form equation for an individual's utility function as
and random deviations from average utility across occupation skill levels are assumed to be correlated at the state level because the policy in India is directly based on previously realized state population characteristics.
Public sector employment quotas can positively affect V ijs by increasing the likelihood of a successful employment search for disadvantage minorities. Further, to the extent that job vacancy rates differ across occupations that require varying skill levels, the quotas can change the overall skill composition and occupational structure of the labor market. Oxoby (2008) presents a model of individual occupational choice that emphasizes the indirect influence of the previous labor market outcomes of older generations on the occupational choices of younger generations who observed the earlier outcomes. For instance, if disadvantaged minorities are uncertain about their innate ability to obtain a particular type of occupation, then they will form a probabilistic assessment of their skill level when making a choice. In determining the probability of having skill level j, individuals may incorporate "type-based biases" that depend on the particular minority population (type) they identify with. Oxoby (2008) shows that the bias is positively related with the observed occupational choices of the previous generation of minorities. Thus, the cumulative effect over time of the public 9 sector employment quotas in India can provide incentives for minorities to disproportionately choose occupations that are similar to those chosen by the majority of minorities in previous generations. It is an empirical question as to whether the employment quota policy in India has an unequal affect on the individual choices between occupations that require varying levels of skill.
Estimation Strategy
To investigate the effects of India's public sector employment quota policy on individual occupational choices we consider a choice set that comprises low-, middle-, and high-skill occupations (j = 1, 2, 3). Assuming individuals choose an occupation that is associated with the highest level of utility, the probability (P ij ) of an individual i choosing an occupation with skill level j is expressed as
We utilize the standard multinomial logit model (MNL) specified as
where i indexes each individual belonging to a minority population and j indexes the realized choice between low, middle, and high-skill occupations, respectively. Identification of the parameters in the model requires a normalization of the coefficients and intercept to zero for one choice of occupation (Borooah, 2001) , and we normalize relative to the middle-skill alternative. The validity of the strategy depends on the assumption that individuals are choosing between a low-skill and middle-skill occupation or a high-skill and middle-skill occupation, respectively; and that individuals are not choosing between low-skill and high-skill occupations. Given the relatively small percentage of the minority populations employed in high-skill occupations over this time period (2-3% for SC and 1-3% for ST), this identifying assumption regarding the margin of occupational skill that minorities are choosing between appears to be a reasonable one to make in this context. We estimate the model in equation (6) using a pooled sample of individuals that is stratified by SC and ST affiliation. Our analytic sample is composed of employed individuals aged 18-65, living in one of the sixteen major Indian states, and not currently enrolled in school for the years 1983, 1988, 1994, and 1999 
The Data
Our empirical analysis builds on a variety of data sources that we describe in this section. The unit of analysis is an individual living in one of the sixteen major Indian states spanning the period 1983-1999, and these states account for approximately 95% of the total Indian population. 18 The primary source of data is the National Sample Survey (NSS) as it provides a large, nationally representative sample of households in India. We use data from the Employment and Unemployment rounds (also called Schedule 10.0) of this survey in 1983-1984 (38th round), 1987-1988 (43rd round), 1993-1994 (50th round) , and 1999 (55th round). Our analytic sample focuses on employed individuals aged 18-65, living in one of the sixteen major Indian states, and not currently enrolled in school. The Employment and Unemployment round of NSS is the only survey that collects information on individuals' earnings and labor market characteristics for the entire country. Each survey collects information on approximately 120,000 households and over half a million individuals.
Outcome Variables
Our occupation outcomes are constructed using the NSS Employment and Unemployment rounds. We classify occupations into the following three skill categories using the Indian National Classification of Occupations-2004 (NCO-2004 
Policy and Control Variables
This article uses the Scheduled Caste and Scheduled Tribe Annual Commissioner's Report to obtain the public sector employment quota measures for SCs and STs. The institutional details for the employment quota policy also comes from this report. This is a state level database available for the period 1951-2000. The variables are referred to as the "SC public sector employment quota" and the "ST public sector employment quota," and measure the public sector employment quota for the SCs (STs) in a state in any given year.
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The NSS described previously is an individual-level database while the policy variables we focus on are at the state-time level. These policy variables, and additional control variables for the state environment, are merged with the NSS individual-level data by state and year.
The state population data come from the Census of India, Registrar General data from 1981-2001. We use "SC (ST) current population share" which is the SC (ST) population share from the census as measured in the current year and "SC (ST) census population share" which is the SC (ST) population share from the last tabulated census. Population density is computed as the ratio of the total population from the census as measured when reservation was determined in the state to the total land area of the state, as reported in the Census Atlas, India. This variable is also updated according to the two conditions described above.
The individual level control variables are extracted from the NSS. They include an individual's age, gender, caste, and marital status. Years of school is computed by assigning 0 years for no formal education, 5 years for primary school, 10 years for secondary school, 12 years for high secondary school and 16 years for a graduate degree. We also form the variable "Fraction of elderly people in public sector employment". This variable is constructed using the NSS as the total number of people between age 55-60 in the public sector employment divided by total public sector employment times 100, and captures state variation in share of elderly people in a public sector job over time. If there is a higher share of such people then this could have a direct effect on potential job vacancies in the public sector. Lastly, for the state income measure we use the logarithm of real per capita net state domestic product in the previous year. These data come from the Domestic Product of States of India from Table 1 presents the predicted average marginal effects of the public sector employment quota policy and characteristics of individuals and states on the probability of low-, middleand high-skill occupational employment for the Scheduled Castes. 19 We find that the SC public sector employment quota does not affect the likelihood of an SC member choosing to be in a low-or middle-skill occupation, on average, as the reported marginal effects are not significant at conventional levels. Although we do not find a statistically significant effect of SC employment quota on the choice of low-and middle-skill occupations, the sign is positive (0.0072) for the middle-skill category and negative for the low-skill category (-0.0099). One potential explanation of the results is that members of the SC group are well represented in these occupations already and we fail to detect any precise effect at the margin. Nonetheless, it does not mean that the policy is having no or a negative impact on probability of lowand middle-skill occupational employment for SCs. Another possible explanation behind the results can be derived from a spatial mismatch story. This is especially true for low-skill occupational employment. The marginal effect for the urban sector dummy is negative and significant and reflects the fact that a large share of low-skill jobs in India are located in rural areas, while the SCs are typically located in urban areas.
For high-skill occupations, we find that the SC public sector employment quota positively changes the likelihood of an SC member choosing an occupation in this category. The reported marginal effect (0.0027) is statistically significant. This is an important result as the SC public sector employment quota policy is motivating one of the most disadvantaged minority populations to choose high-skill jobs. This will likely have a far reaching impact on their short-and long-run socio-economic standing. A potential explanation for why we detect a positive and significant effect can be drawn from the reported marginal effect for the urban sector dummy; this effect is positive and significant and suggests that SC group members are able to obtain high skill jobs because such jobs are more likely to be available in urban areas. Table 2 reports the predicted average marginal effects of the SC public sector employment quota on the probability of low-, middle-, and high-skill occupational employment by years of schooling. The results suggest that having completed more years of schooling magnifies the impact of the employment quota on high-skill occupational employment. It is comforting to find that the magnitude of the marginal effect increases with additional years of schooling.
There are two possible explanations for this relationship. First, more years of schooling reflects higher ability. Second, the share of SC members who complete more than 10 years of schooling is very low (the mean is 2.6 in 1999) and hence our estimated effects could reflect less competition among the elite SC members. 20 Overall, the percentage of individual occupational choices predicted by our model that were in fact correct is high at 63% for the SCs. Table 3 presents the predicted average marginal effects of the public sector employment quota policy and characteristics of individuals and states on the probability of low-, middle-20 However, to estimate this precise effect is beyond the scope of the current study. and high-skill occupational employment for the Scheduled Tribes. 21 We find that the ST public sector employment quota does not change the likelihood of an ST member choosing to be in a low-or middle-skill occupation, on average, as the reported marginal effects are not significant at conventional levels. Although we do not find a statistically significant effect of ST employment quota on the choice of low-and middle-skill occupations, the sign is negative (-0.0044) for the middle-skill category and positive for the low-skill category (0.0078). There are a few potential explanations behind this interesting result. First, ST members are a tribal population who reside in geographically isolated areas, and these areas are the not typically where the majority of the employment opportunities are. This is especially true for middleand high-skilled occupations. However, low-skill occupations include street vendors, shoe cleaners, domestic helpers etc. and such jobs remain available in rural and geographically isolated locations, albeit at a lower absolute level relative to urban areas. 22 So it is intuitive to expect the sign of the effect to be positive for the STs. Second, this result is supported by the findings of Prakash (2010) , who estimates the impact of the same employment quota policy on general labor market outcomes. His results suggest that there was no impact of the policy on ST's labor market outcomes, especially employment outcomes. So it is not surprising that we do not detect any significant effect for low-and middle-skill occupational employment, on average.
The Effects of Public Sector Employment Quotas on the Occupational Choices of the ST population
For high-skill occupations, we find that the ST public sector employment quota negatively changes the likelihood of an ST member choosing an occupation in this category. The reported marginal effect (-0.0034) is statistically significant. This effect is a counter intuitive result, but considering that the share of ST members who have obtained the required 21 The marginal effects reported in Table 3 are based on coefficient estimates from the multinomial logit model specified in equation 6, and these results are reported in Appendix Table A4 . While it is possible for the iterative fitting procedure used to estimate multinomial logit models not to converge in some cases, our particular application of the model for the STs converged after seven iterations using the Stata mlogit procedure (version 11; StataCorp LP; College Station, TX, USA); non-convergence was unlikely to occur in this case given our large sample size of 110,295 observations. 22 Section 4 describes the occupational outcome variables and the jobs included in each category in detail.
educational qualification to compete for high-skill occupational employment together with the mixed empirical evidence of labor market discrimination in India, this is perhaps to be expected. 23 However, we need to keep in mind that our definition of high-skill occupational employment mainly includes public sector jobs and not private sector jobs. Table 4 reports the predicted average marginal effects of the ST public sector employment quota on the probability of low-, middle-, and high-skill occupational employment by years of schooling. The results suggest that having completed more years of schooling magnifies the impact of the employment quota on high-skill occupational employment. This result is consistent because a small number of STs complete more than 10 years of school, and once they meet the educational qualification there is less competition among STs for low-and middle-skill occupations. Additionally, evidence of labor market discrimination is detected in the white collared jobs (i.e. high-skill occupational employment). For high-skill occupations, the estimated effects suggest that having completed more years of schooling increases the negative impact of the employment quota. This relationship is possible because, as we discussed above, there is evidence of labor market discrimination in private sector jobs (Banerjee et al., 2009; Siddique, 2011) . It is especially true for ST members with more years of schooling completed (the majority of private sector jobs require a minimum of 12 years of schooling completed). Overall, the percentage of individual occupational choices predicted 23 Siddique (2011) uses an audit study to determine the extent of caste-based discrimination in the Indian private sector. On average low-caste applicants need to send 20 percent more resumes than high-caste applicants to get the same callback. Differences in callback which favor high-caste applicants are particularly large when hiring is done by male recruiters or by Hindu recruiters. This finding provides evidence that differences in callback between high and low-caste applicants are not entirely due to statistical discrimination. High-caste applicants are also differentially favored by firms with a smaller scale of operations, while low-caste applicants are favored by firms with a larger scale of operations. However, in contrast, Banerjee et al. (2009) study the role of caste and religion in India's new economy sectors-software and call-centers-by sending 3160 fictitious resumes in response to 371 job openings in and around Delhi (India) that were advertised in major city papers and online job sites. They randomly allocate caste-linked surnames across resumes in order to isolate the effect of caste on applicants' job-search outcomes. They find no evidence of discrimination against non-upper-caste (i.e. Scheduled Castes, Scheduled Tribes, and Other Backward Caste) applicants for software jobs. They do find large and significant differences between callback rates for upper-castes and Other Backward Castes (and to a lesser extent Scheduled Castes) in the case of call-center jobs. 18 by our model that were in fact correct is high at 62% for the STs.
Discussion
In this study, we provide the first estimates of how India's federal affirmative action policy requiring states to designate a percentage of all public sector job vacancies for the Scheduled Castes and Scheduled Tribes has changed the occupational structure, as defined by skill level, of the targeted minority populations during the 1980s and 1990s. The fundamental assumption underlying our empirical strategy is that individuals choosing between occupations which require high-or middle-skill levels do not respond to occupational attributes specific to alternative low-skill occupations. Similarly, those choosing between occupations which require low-or middle-skill levels are not responsive to attributes of alternative high-skill occupations. Given the relatively small percentage of minorities employed in high-skill occupations over this time period (2-3% for SCs and 1-3% for STs), this identifying assumption regarding the margin of occupational skill that minorities are choosing between appears to be a reasonable one to make in this context. Overall, the results indicate that the employment quota policy significantly affects the occupational choices of individuals within the targeted populations.
On average, we find that the employment quotas have unequal effects on the overall occupational structure of each minority population. The SCs are more likely to choose highskill occupations, and the STs are less likely to choose high-skill occupations. While the results are consistent with the fact that STs tend to live in geographically isolated areas where high-skill employment opportunities are scarce, we find additional evidence that the employment quotas targeting the SC population also decrease the probability of STs choosing such occupations. This estimated cross-effect suggests a degree of competition between the two populations for high-skill employment opportunities, and that STs are possibly subject to greater labor market discrimination for these occupations. Policymakers do not typically address the potential for negative externalities in the design of affirmative action policies that target multiple minority populations, and the findings here indicate that improvements in occupational attainment for one minority population may come at the expense of another.
Furthermore, we uncover evidence that the impact of the employment quotas is significantly related with an individual's years of schooling. In general, the marginal effects become larger in magnitude as an individual acquires additional education, and a simple evaluation of the effects at the sample mean fails to reveal changes in the overall occupational structure of the minority populations. For instance, while the employment quotas targeting the SC population increase the probability of SCs choosing high-skill occupations at all education levels, we find that they also significantly decrease the probability of SCs choosing both low-and middle-skill occupations for those with 12 or more years of schooling. Similarly, while the employment quotas targeting the ST population decrease the probability of STs choosing high-skill occupations at all education levels, we find that they also significantly increase the probability of STs choosing both low-and middle-skill occupations for those with 16 years of schooling. In the context of economic development, the findings indicate that the optimal design and implementation of employment quota policies are complex as the economic incentives created by such policies are likely to depend on a combination of individual and environmental characteristics, particularly educational attainment and the geographical location of employment opportunities.
From a policy perspective, our findings are particularly important if we believe that occupational choice is correlated with socio-economic standing in society. Here, we see that schooling levels are a strong predictor of occupational choice; however, we also see that individuals with more schooling are more responsive to the policy. So to one extent we can attribute part of the improved socio-economic condition of the minority populations to the employment quotas. However, some caution is required in considering the effectiveness of 20 such policies from a development standpoint. Our results suggest that policymakers need to incorporate the spatial distribution of employment opportunities relative to the locations of minorities within states if they intend to change the magnitude of the effects of this particular type of affirmative action policy. More research along these lines would likely prove informative for understanding how employment quotas change the economic incentives for minority populations. 38, 43, 50, and 55 for the year 1983, 1987-1988, 1993-1994, and 1999-2000, respectively . Employment quota data are obtained from the Scheduled Caste and Scheduled Tribe Annual Commissioner's Report ; current population share and population density data are from the Census of India, Registrar General; state per capita income data are based on the domestic product of states of India prepared by the Economic and Political Weekly Research Foundation. a SC and ST indicate the populations of the Scheduled Castes and Scheduled Tribes, respectively. 38, 43, 50, and 55 for the year 1983, 1987-1988, 1993-1994, and 1999-2000, respectively . Employment quota data are obtained from the Scheduled Caste and Scheduled Tribe Annual Commissioner's Report ; current population share and population density data are from the Census of India, Registrar General; state per capita income data are based on the domestic product of states of India prepared by the Economic and Political Weekly Research Foundation. a SC and ST indicate the populations of the Scheduled Castes and Scheduled Tribes, respectively. Notes: Coefficients and standard errors are reported. The standard errors were adjusted for within state correlation across the four survey rounds. Occupational skill is classified according to the 2004 National Classification of Occupations (NCO-2004); high-skilled occupations include professionals and associate professionals; middle-skill occupations include clerks, service workers, shop and market sale workers, agricultural and fishery workers, craft and related trades workers, and plant and machine operators and assemblers; low-skilled occupations include elementary occupations. See section 4.1 for more information on the specific occupations included in each skill category. ** Significant at 5-percent level; * Significant at 10-percent level. a SC and ST indicate the populations of the Scheduled Castes and Scheduled Tribes, respectively. b The probability of choosing low-, middle, and high-skill level occupations is denoted by P Low P Middle and P High respectively. c Hinduism is the reference category for religious affiliation.
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Appendix
